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Abstract: Semantic communication focuses on the meaning of information rather than encoded symbols,
which is helpful to solve the problem of massive connection and data transmission in intelligent machine
communication and realize real-time intelligent communication between machines. The semantic
communication system with intelligent machines is stuied. First, based on information theory and artificial
intelligence technology, the highly abstraction, intelligent and simple characteristics of semantic
information are described, the design methods of an end-to-end semantic communication system are
summarized, and the characterization and measurement methods of semantic information are presented.
Then, the encoding and decoding methods of semantic information in different modes are summarized,
and the evaluation indexes of a semantic communication system are analyzed. Furthermore, the research
direction is given based on the shortcomings of the existing research.
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RURIY B35 AL RE 1. Ding 451 &1 X s {5 18
T LM P EAGAE R T JSCC 7%, #it T —Ffh LT
w3 R B JSCC R, SEER S SR K,
ZJ7 SN N T2 H P o, BT 5 1438 I 1 A
BREE,
4.2.3 iEEE LY

T3 FE G B BT S R G o
AU SAE S5 T IR B RS W52 R R b
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(O AH oL BR B2, Xie S50 2 T — BT 9 B R 4R
Fr——"R] AL | A8 S ik i i 325 114 1L ) 42
Wk 52 ) 22 [R1 A ) - AR R 2

FI W 78 18 L 5 ¥ (LSA, latent semantic
analysis) J7 5, 38 28 437 SCAS 5 98] 2Z 8] 1 OC & 4 2
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