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Predictive Offloading Decision Algorithm for High
Mobility Vehicular Network Scenarios

PENG Weiping, WANG Ge, SONG Cheng, YAN Junhao

(College of Computer Science and Technology, Henan Polytechnic University, Jiaozuo 454000, China)

Abstract; To solve the issue of the high failure rate of task offloading caused by frequent switching
between different edge servers of highly mobile vehicles in the scenario of the Internet of vehicles, a novel
predictive offloading decision algorithm is proposed. First, the local server edge server and cloud server
computing models are constructed, and the offloading mode of tasks is predetermined based on the
constraints of the size of computing tasks, maximum latency tolerance, and server resources. Then, a
vehicle location prediction model is constructed by generating edge servers based on a long short-term
memory network, which can be used for offloading. Finally, the improved ant colony algorithm is
employed to optimize the offloading task allocation among multi-edge servers. Simulation results show that
the proposed algorithm improves task completion rate and resource utilization rate.
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