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Abstract: Compared with the traditional light field, the neural reflectance field (NeRF) method uses the
neural network to fit the light sampling of scenes, which implicitly encodes the light field from input
images to render novel view. However, NeRF method requires long training time and has slow rendering
speed. To solve this problem, a joint sampling-based NeRF is proposed, which can make the coarse
network and fine network share uniform sampling results, thereby accelerating the network training and
view synthesis by reducing unnecessary light sampling. The experiments demonstrate that, in the case of
the similar view synthesis quality, compared with the baseline method, the proposed method can reduce
the training time by 20% and improve the view synthesis efficiency by 25% .
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