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Network Traffic Prediction of Dropout Echo State Network
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Abstract: An echo state network ( ESN) based on Dropout method is proposed. The ESN based on Drop-
out method ( Dropout ESN)is applied to the actual network traffic prediction task, in which the neurons
in the reservoir are set to stop working with different probability. Dropout ESN is compared with the classi-
cal ESN to analyse the influence of the two networks on the prediction performance. In addition the normal-
ized root mean square error of Dropout ESN and other models are compared and analyzed. Simulation re-
sults show that Dropout ESN has better prediction performance on network traffic than other ESN models.
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