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A Fingerprint Localization Method Based on Shapelet Algorithm
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(1. School of Computer Science and Technology, China University of Mining and Technology, Xuzhou 221116, China;
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Abstract: Due to large influence of time and space on channel state information ( CSI) ,the existing CSI-
based indoor positioning technology is poor in robustness. Aiming at this problem,a fingerprint positioning
method based on Shapelet algorithm is proposed. In the training phase, CSI is taken as the original loca-
tion data,and the original data is processed and corrected by the 3-0- anomaly value processing method
and the Kalman filter;then the fingerprint of each location is extracted and the fingerprint database is es-
tablished by using the Shapelet algorithm ; Finally,the fingerprint database is used to construct the Shape-
let decision tree,and the decision tree classification is used to achieve more accurate positioning. Com-
pared with the principal components analysis algorithm and , k-nearest neighbor algorithm, It is shown that
the method has higher positioning accuracy and stable performance at different times, and the training set
is smaller.
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