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A Integrated Energy Service Channel Optimization Mechanism
Based on Deep Reinforcement Learning
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Abstract: In order to ensure the stable operation of the integrated energy system, the integrated energy
service needs to have high reliability and low risk when being carried by the communication network. Ac-
cording to the channel requirements of the integrated energy service, an algorithm of deep reinforcement
learning is proposed, aiming to find the overall optimal path for the large-scale integrated energy service
on the carried power communication network. The method that aims at the overall delay and network load
balance, trains the network topology and saves the model, and then obtains the optimal result through it-
erative learning. The simulation results show that the routing found by this method can ensure the overall
delay is short and guarantee the overall load balance of the network. At the same time, for scenarios with
a large network size and a large number of services, the deep reinforcement learning algorithm can effec-
tively improve the computational efficiency.
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