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Abstract; A log template extraction algorithm based on normalized feature discrimination is proposed, ai-
ming at the problem that the number of clusters needs to be provided as a priori information in traditional
log template extraction. First, log data is initially compressed to reduce data redundancy. Then, a log
clustering process is implemented, and the normalized feature is used to discriminate whether the cluste-
ring result meets requirement; if so, the clustering process is successfully completed; if not, the number
of log clusters is adjusted by using binary search and redo clustering. Finally, the log template is extrac-
ted via clustering results. In addition, an evaluation metric that measures the effectiveness of template ex-
traction is designed. Experiments on real data indicated that the algorithm can achieve more stable and
accurate template extraction performance than the benchmark method, and it had good generalization per-
formance.
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