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Recognition and Application of Abnormal Sound Via SVM Based on PSO-PF
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Abstract: In order to solve the problems of low recognition accuracy and high computation complexity in
abnormal sound signals, a particle filter based on particle swarm optimization ( PSO-PF) algorithm is pro-
posed to optimize the parameters of support vector machine (SVM). To improve the estimation precision
of particle filter, the particle swarm optimization is applied to drive all the particles to the regions in
which their likelihoods are high, by updating the velocity and position of particles constantly. And the al-
gorithm can avoid falling into local optimum in SVM parameter optimization. The experimental results
show that the new algorithm can achieve higher recognition accuracy and lower computation complexity for
abnormal sounds recognition.
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