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Abstract; Aiming at the imbalance between accuracy and computational efficiency in feature selection, a
fast feature selection framework ( FFFS) is proposed. Based on this framework, a fast feature selection
algorithm, MRMR-SFS, is proposed. The minimum redundancy maximum relevance ( MRMR) method is
used to select the candidate features, and sequential forward selection ( SFS) method is used to verify the
performance of the candidate features as well. It improves the calculation efficiency by limiting the num-
ber of iterations. Comparison experiments with the MRMR, SFS and a filter-dominating hybrid sequential
floating forward selection algorithms demonstrate that MRMR-SFS can balance the accuracy and computa-
tional efficiency well.
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