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Review Summarization Generation Based on Attention Mechanism
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Abstract ; In order to implement generative review summarization, a research of the neural network model
of sequence to sequence learning was conducted, besides, an improved attention mechanism for review
summarization based on the model was proposed. By focusing on the feature of review summarization sam-
ples, the local attention mechanism is improved which has more attention weights on the start of the
source sentence. Then every word of the summarization is generated through the end-to-end model. Ex-
periments show that this approach achieves superior performance on English review summarization in the
same category when the length of reviews is less than 200.
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