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Data Compression Method of WSN Used
Improved Grey Model
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Abstract ; In view of high computational complexity, low compression efficiency and data recovery rate of
current data compression methods of wireless sensor network, a wireless sensor networks ( WSN) data
compression method based on a cluster head base station separation structure is proposed. Based on the
monolayer cluster structure of WSN, the method requests the terminal sensor node to collect data at equal
intervals and transmit data in segments at first. Then the spatial correlation data compression method is
performed to eliminate the space noise and space redundancy of data in cluster head node. Finally, the
improved grey model is adopted for data recovery at the base station. In addition, the optimal model and
segment length of the algorithm are given, through the experimental analysis of the data recovery effect of
the improved grey model, the grey model and the grey Markov chain model. Experimental results show
that, compared with the existing linear WSN data compression methods, the proposed method significant-
ly improves the WSN compression accuracy and efficiency.
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