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Feature Fusion Methods in Pattern Classification
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Abstract; Feature fusion is an important method in pattern recognition. Image recognition problem in
computer vision can be known as a special pattern classification problem, and it still have many challen-
ges. To solve the problem, feature fusion method is able to use multi-feature of image, complement each
others advantages and get more robust and accurate results. Based on information fusion theory, analyze
the theory of feature fusion and introduce the development of feature fusion methods. Besides, discuss
three methods of feature fusion combining with other basic theories. Bayesian decision theory based fea-
ture fusion algorithm implements fusion decision of multi-feature. Sparse representation based feature fu-
sion algorithm can get the joint sparse representation of multi-feature. Deep learning based feature fusion
algorithm intensifies feature learning process of deep neural network model.
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—MENRLG S5 R, R

i =max X, ’x?,j,d ; (21)
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BRRE KRB ™™ = (2", x") , 2K G
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=Y Y X (24)
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3.3.2  EFERAAEflA
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AT 5 AR Il v AR S22 08 3530 7 v, O i AT AR
P xR T I B DA K vt A Ak B D 2 Sl e )
. 3D YAl S 75 AT LA dRe R Ak Ok, O B A7
T3 X3 b (8 Fe AR E A 5 2R X R 7 2 )
I T %) P T AT A3 R A T 5 3 A it Ak i B

3D B + 3D Ak 77 1 W AE 3D WAk 7 A AR
L I —NUE RS fe BTV W 22 (8 b, X
WA GORFAE v, T BUE S, I

Yio=X, . .p%f+b (25)
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